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Modified strategy to inertia weight in PSO for
searching threshold of Otsu rule
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Abstract; In order to searching the best threshold of Otsu rule rapidly, a modified strategy to the iner-
tia weight in Particle Swarm Optimization (PSO) is introduced. The strategy correlates the inertia
weight in PSO with the globally best position and the individual best position in particle swarm and
modifies the inertial weight by the distance between the best individual position and the globally best
position. With the reduction of the distance between the globally best position and the individual best
position, the inertia weight of the individual particle will be reduced, vice versa. The experimental re-
sults indicate that this algorithm decreases computational work and improves average convergence rate
by 21.072 6% as compared with that of traditional methods. It can speed up on-line image segmenta-
tion using this method.
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Tab.1 Results of some strategies to inertia weight for searching Otsu threshold of coins
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Fig. 4 Defects on steel strip
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Tab. 2 Results of some strategies to inertia weight for searching Otsu threshold of Rice
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Tab. 3 Results of some strategies to inertia weight for searching Otsu threshold of Pout
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Tab. 4 Results of some strategies to inertia weight for searching Otsu threshold of Liftingbody
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Tab.5 Results of some strategies to inertia weight for searching Otsu threshold of defect
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